		
Supplementary File 2 – LSR automation methodology
Workflow
We distinguish searching, deduplication of results, screening, data extraction, data synthesis and data output as different steps in the review process (Figure 1, main text). Searching is the retrieval of publications according to a prespecified search strategy and from prespecified information sources such as medical databases of references defined in PROSPERO CRD42016036693 [1]. Deduplication consists of retaining unique references after combining the results from all different sources are combined. Screening is the process where reviewers assess relevance for inclusion of the publication based on title and abstract and on full text. Relevant items are retained. Data extraction is the process where reviewers extract relevant information according to predefined protocol. Screening and extraction is performed by one reviewer and verified by a second reviewer. In case of disagreement, the dispute is settled by the involvement of a third reviewer. The extracted data is used to construct tables and figures, which are incorporated into a written report.
Automation
Searching and deduplication
For living systematic reviews, periodic updating of the search results is key. Deduplicating with high specificity and sensitivity is time consuming and thus burdensome to reviewers [2]. Although reference managers such as Endnote partly automate the deduplication process, manual verification is needed to prevent a high number of false duplicates [3, 4]. 
Here, we retrieve search results automatically using application programming interface (API) connections to the different information sources. Retrieved results are uniformly formatted to allow comparison. Deduplication is performed based on a rule based algorithm that compares different bibliographical fields. Unique new records are imported into a database and the review team is notified by email of the new entries that are ready for screening. 
Data aggregation and data output to a document
A central database is used for screening, extraction and citation management. The database is accessed in R [5] for data analysis. Using an Rmarkdown script [6], we can export the bibliographic information from our database to BibTex format, allowing the integration of citations. Within the same Rmarkdown script the analyses and formatting of the document or publication is specified. This allows us to automatically update the outputted document as new citations are added or data are extracted. 
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